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The information-intensive nature of tourism and rising demand for information from increasingly
sophisticated consumers have brought unprecedented pressure on tourism enterprises. This has required
tourism companies to provide high-quality information services to meet current and future tourism industry
development needs (Hou & Li, 2011). Online tourism is a new type of tourism business undertaken by the
application of technology, such as the Internet and mobile e-commerce, to the tourism industry. Online
tourism has improved the quality of tourism services, reduced the cost for tourism enterprises, improved the
efficiency of their business operations, and allowed them to maintain their competitiveness. This has had a
profound impact on the tourism industry, gaining the interest of researchers (Hou & Li, 2011).

Persona segmentation is the first critical step in persona creation, whereby archetypal users can be
determined. Persona creation as a user experience design tool dates back to initial application in
information technology systems development (Cooper, 1999), and is useful for service design (Idoughi,
Seffah, & Kolski, 2012). However, researchers and practitioners have paid little attention to the persona-
based approach in online tourism services because tourists, tourism products, and tourism service types are
highly diverse; further, because of professional requirements, the current methods of persona creation are
time-consuming, costly, and difficult to use. In addition, travel services are based on stakeholders’ and
practitioners’ ideas, and resource accessibility. As online businesses can obtain rich user information on a
previously unimaginable scale, persona segmentation has emerged as a challenge to stakeholders and
practitioners. Therefore, I aimed to establish a persona segmentation method in the context of online
tourism.

Literature Review
Persona Creation

A persona represents an archetypal or representative user of a product, system, or service, and this includes
behavioral specifications that embody the characteristics of that user (Calde, Goodwin, & Reimann, 2002;
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Cooper, Reimann, & Cronin, 2007; Faily & Flechais, 2011). Thus, a persona is a description of a fictional
character constructed from questionnaires, in-depth interviews, observations, focus groups, and internal
discussions based on existing individuals, and can be used to identify user information needs and
characteristics to develop design and marketing strategies.

In general, persona creation comprises two steps: persona segmentation and persona writing. Persona
segmentation involves the identification of representative subgroups with different motivations or goals
through qualitative and quantitative methods (Laporte, Slegers, & De Grooff, 2012; Tu, He, et al., 2010).
Persona writing is the actual illustration of a persona by the use of the segmentation data. Qualitative
methods are usually used to obtain precise information.

Precision and accuracy are important dimensions of persona creation. Precision is the ability to obtain
detailed information about representative users. Accuracy is the representative users’ needs or motivation,
and the relationship between user characteristics and needs. Qualitative methods, however, lack accuracy
because they are subjective, and data are obtained from small-sized samples, and quantitative methods lack
precision because the user’s goals or requirements are merely categorized. Therefore, researchers have
proposed using a combined qualitative and quantitative approach, such as cluster or factor analysis and
interviews (McGinn & Kotamraju, 2008). However, the focus in the combined approach currently used is
more on the use of quantitative methods to identify representative users’ needs or goals, with reliance on
qualitative methods to account for the relationship between needs and characteristics. The resulting
accuracy of personas is still insufficient.

Personas in tourism. Compared to traditional tourism marketing, in which marketers rely on the product’s
characteristics in their promotions, the basis in current tourism marketing is users’ characteristics and
needs. Park, Tussyadiah, Mazanec, and Fesenmaier (2010) used network analysis to examine the personas
of American travelers based on their trip portfolio. The analysis generated four personas with significant
differences in age, income, primary trip activities, and travel intention. Liu, Wu, Yi, and Fan (2018)
conducted an importance—performance analysis to investigate personas of Chinese tourists traveling with
their children, and found that the core participants were women aged approximately 30 years. These two
studies are examples of the few I identified in my literature review regarding the concept of the persona in
tourism, not to mention studies in which a quantitative approach designed to yield an accurate relationship
between user characteristics and needs, was used.

Persona creation methods. In general, qualitative and quantitative methods can be employed to gather
information for persona development and refinement. Common qualitative methods include direct
observation, focus groups, semi-structured interviews, and informal discussion (LeRouge, Ma, Sneha, &
Tolle, 2013), case studies (Switzky, 2012), and workshops (Blomquist & Arvola, 2002). Researchers typically
identify users’ common needs by coding obtained data and abstracting common demographic
characteristics to establish potential personas. However, the qualitative approach has been criticized for its
use of small-sized samples, and its difficulty and complexity for researchers, as it relies on their practical
experience and professional knowledge of persona establishment, which is not easily disseminated to the
designer or practitioner in user-centered design. In addition, qualitative methods are time-consuming and
costly in terms of project realization (Pruitt & Adlin, 2006).

To overcome the qualitative approach limitations, researchers have begun using surveys to obtain more user
data while employing, for example, factor analysis (McGinn & Kotamraju, 2008), principal components and
cluster analysis (Tu, Dong, Rau, & Zhang, 2010), and correspondence analysis (Laporte et al., 2012). To
refine user needs, researchers use individual difference statistics based on survey or market research data
(Faily & Flechais, 2011; Goodwin & Santilli, 2009). Although these approaches (vs. purely qualitative
methods) are faster and more effective, an accurate assessment of the relationship between user
characteristics and needs cannot be established. To balance precision and accuracy, my goal was, thus, to
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provide a quantitative method to enable researchers to obtain more accurate information than was possible
with previous methods, regarding the characteristics and needs of a persona in an information-rich domain,
such as tourism.

Tourism Motivation: Events and Special Interests

Events and special interests are individuals’ two main motivations for traveling. Events have become a core
element of the destination system (Getz, 2008), for example, the annual Melissa’s Road Race held in Banff
National Park and the Franco-Albertan Festival held in Jasper National Park (Halpenny, 2008). Planned
events play an important role in the development of tourism destinations, increasing their competitiveness
and attractiveness (Getz & Page, 2016a). Special interest tourism (SIT) is qualitatively different from other
types of tourism because it is designed to meet tourists’ need to engage in behavior that enhances their sense
of self (Trauer, 2006). SIT occurs when specific activities or destinations determine tourist motivation and
decision making (Weiler & Hall, 1992). Special interest tourists are motivated by an existing or new interest
(Swarbrooke & Horner, 1999), such as “recreational travel undertaken to remote or exotic destinations for
the purpose of exploration or engaging in a variety of rugged activities” (Drita & Albana, 2011, p. 80).
Popular SIT activities include adventure tourism, rural tourism, cultural tourism, religious tourism, culinary
tourism, wildlife tourism, heritage tourism, and ecotourism. Although event tourism (Getz, 2008) and SIT
(Trauer, 2006) were both developed more than a decade ago, tourism researchers have not yet examined the
relationship between tourists’ characteristics and these two types of tourism. In general, the characteristics
of event tourism and SIT have been examined separately.

Characteristics of event tourists. Event tourism researchers have focused on several important topics and
trends: (a) planning, management, and impact of single events (Tkaczynski, 2013); (b) in regard to how
planned events can change a destination’s image, event tourism is attracting attention from researchers and
theorists (Ziakas, 2013); (c¢) interdisciplinary studies on event tourism are becoming prevalent (Weed,
2012); and (d) enhancement of tourism destination image and cobranding roles for events have become
valued (Karadakis, Kaplanidou, & Karlis, 2010) because the motivator for event tourism users is mainly
destination attractiveness, eclipsing seasonality.

To the best of my knowledge, few researchers have explored tourist characteristics in the event tourism
context. The exceptions are a case study of two events by Halpenny (2008), in which the tourist
characteristics of age, gender, annual household income, education level, and frequency of travel were
described, and the tourists’ travel plans and recommendations, travel patterns, and event management
preferences were analyzed, and a qualitative study by Chen (2010), in which gender differences in sport
event tourism were investigated according to user loyalty, socialization, self-actualization, volunteering, and
equality through sport. Chen’s results indicate that women (vs. men) score higher on these attributes.

Characteristics of special interest tourists. Current foci in SIT research are the exploration of specific
types of SIT, the development of SIT in a specific area or country, the characteristics of special interest
tourists, and the influence of organizations or governments on SIT. Specifically, (a) religious tourism (Gil &
de Esteban Curiel, 2008), adventure tourism (Trauer, 2006), and wine tourism (Carmichael, 2005) have
attracted academic attention; (b) many researchers have focused on the development of SIT in specific
geographic areas, including Spain (Gil & de Esteban Curiel, 2008), Macao (Wang & Meng, 2016), Canada
(Carmichael, 2005), and Australia (Moscardo, McCarthy, Murphy, & Pearce, 2009); (c) several researchers
have also considered the characteristics of special interest tourists. For example, Sheng and Chen (2012)
investigated the experience expectations of museum visitors, and Sheng, Shen, and Chen (2008) explored
the demographic features of special interest tourists; and (d) researchers have also paid attention to
organizational influences, such as government public marketing and the customer satisfaction relationship
with SIT (Wang & Meng, 2016).

Trauer (2006) proposed two dimensions for conceptualizing the SIT user experience: enduring involvement
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and frequency of SIT product purchase. In addition, four types of special interest tourists have been
identified according to their characteristics. Sheng et al. (2008) used a questionnaire to explore the
relationship between special interest tour preference and tourists’ demographic characteristics. Tour
preference was found to have a significant relationship with participants’ age, gender, marital status, and
other demographic variables.

In summary, the demographic variables of age, gender, annual household income, education level, marital
status, and frequency of travel are the most relevant user characteristics for researchers who are examining
event tourism and SIT. Accordingly, I selected and encoded these variables as related to user characteristics.

Event tourism and SIT have not been addressed empirically in the same framework, and few researchers
have explored the persona concept in the tourism context. In China, group tours are an important mode of
travel. Decisions about travel themes, destinations, and average price per person, therefore, often depend on
one or two people, who may also influence their friends, neighbors, coworkers, or even experts, celebrities,
and other personalities. These decision makers and influencers are known as key opinion leaders (KOLs). In
marketing, the concept of opinion leadership originated from the diffusion of innovations theory, which
describes how individuals indirectly alter others’ attitudes and behavior through social influence (Rogers,
1995). I have used this concept to describe people in group tourism who have the power to make the final
decision on travel plans, including core travel feature components.

Traditional or general persona methodologies lack accuracy regarding the relationship between users’
demographics and their needs. The use of logistic regression allows for describing the data and explaining
the relationship between one dependent binary variable and one or more nominal, ordinal, interval, or ratio-
level independent variables, and determining the relative weights of the independent variables in terms of
their effect on the dependent variable. Therefore, I queried if the use of logistic regression (vs. traditional or
general methodologies) can provide more accurate and integrated user information for persona
segmentation. My second research objective was to explore the differences in the characteristics of users of
events and SIT services based on KOL user data.

Method

Logistic Regression Persona Segmentation Approach

I proposed the following six steps for logistic regression persona segmentation.

Step 1: Identify goals or motivations and characteristics of the users of a target service, using a literature
review. User motivation is often defined as a dependent variable, and user characteristics are usually
independent variables.

Step 2: Determine the data source in the analysis: Where will the data come from? Will the data include lead
users, ordinary users, and/or potential users?

Step 3: Encode the categorical independent variables in terms of previous studies or actual requirements, to
test the differences between group means for each variable when the regression model is being used.

Step 4: Transform each type of user motivation into a binary dependent variable. The value is labeled as 1 if
the user has the corresponding motivation and zero, otherwise.

Step 5: Analyze the transformed data through a logistic regression model, compare the resulting models for
each motivation, and determine the final models to obtain the respective subgroups.

Step 6: Interpret the final models based on Wald test results, and describe the subgroups.

Data Collection

The data that I used are part of an overseas tourism dataset compiled by a Chinese company providing e-
tourism services and customizing trips according to Chinese user needs. The data included information
about tourism projects and demographic information. When travelers intend to use the online tourism
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service, they fill in their own demographic information and relevant travel experience. The online tourism
company staff supplement this with relevant information as part of the subsequent online service.

I combined stratified and random sampling methods to select data from July 2017 to April 2018. Tourism
information included travel time, travel destination, and travel type. Travel time included typical months in
the tourism off-season and busy season, and the proportion of busy season travel time was 47.1%. Travel
destinations included America (42.9%), Europe (22.8%), Oceania (17.7%), Asia (10.3%), Africa (4.0%),
Antarctica (1.8%), and Arctica (0.4%). To analyze the travelers’ motivation, I focused on two travel types:
event tourism (30.4%) and SIT (69.6%). The activity types for event tourism were education (including
educational experiences, 26.5% and parent—child study, 9.9%), business (including business visit/business,
23.8% and participation in activities/business, 6.6%), participation in activities/fashion (6.6%) or
activities/sport (2.0%), medical care (21.9%), and honeymoon (2.6%). The activity types for SIT were family
leisure and natural scenery (50.1%), culture (26.7%), and special interest experience (23.2%).

Participants

I selected data for 496 KOLs who represented 7,965 users. The size of the groups represented by each KOL
ranged from 1 to 100 (M = 16.10, SD = 15.96). The travel cost per person ranged from US$904.71 to
US$178,571.43 (M = 18,291.36, SD = 22,498.00). Ages ranged from 16 to 54 years (M = 35.90, SD = 10.45).
There were 316 men (63.7%) and 180 women (36.3%). The highest educational level was a bachelor’s degree
(53.6% of the dataset), with undergraduates accounting for 16.7%, and below undergraduate level
accounting for 15.7%. There were 218 (44%) business owners, 233 (47%) senior executives, 33 (6.7%)
students, and a small group of civil servants and retirees (2.4%). In terms of marital status and children,
34.5% were married, 6.5% were single, 1.2% were divorced (overall, 57.9% of values were missing for this
variable), and 71.8% of users had at least one child. In terms of annual income, 36.9% reported over
US$1.43 million, 31.0% over US$0.14 million but less than US$1.43 million, and 9.9% less than US$0.14
million (22.2% did not report their income). In terms of home area, 241 (48.6%) users lived in South China
and 255 (51.4%) lived in North China. Finally, 98.0% of users had previously traveled abroad, and 53.6%
had not previously been to their proposed destination.

Data Analysis

I used SPSS 22.0 to compute the descriptive statistics of the following demographics of KOLs for event
tourism and SIT: gender, age, educational level, occupation, annual income, hometown, marital status,
parental status, group size, and average cost per person. The relationship between the KOL demographic
characteristics and event tourism/SIT was analyzed with an analysis of variance/chi-square test and logistic
regression.

Orthogonal coding of the independent variables representing user characteristics in the logistic regression is
presented in Table 1. For example, age was categorized into four groups, representing “under 23 years,”
“23—28 years,” “29—35 years,” and “over 35 years.” These can be transformed into three new variables, that
is, age Vector 1 (V1), age Vector 2 (V2), and age Vector 3 (V3). Age V1 (3, -1, -1, -1) represents the
comparison between the group aged under 23 years and the average of the other groups, age V2 (2, o, -1, -1)
represents the comparison between the group aged under 23 years, the average of the groups aged between
29-35 years and over 35 years, and age V3 (0, 0, 1, -1) represents the comparison between the groups aged
between 29—35 years and over 35 years. The number of comparisons will be the number of categories minus
1. Researchers can define any comparisons of interest, provided they verify that the comparison or contrasts
are orthogonal to one another (von Eye & Schuster, 1998). If the dot product of each pair of vectors is zero,
the comparisons or contrasts are orthogonal.
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Table 1. Orthogonal Coding of the Independent Variables

Vector 1 Vector 2 Vector 3

Variable with two categories Raw a B - = - - - = — — —

Transformed 1 -1 - - - - - - - - - -
Variable with three categories Raw a B c a c -

Transformed -2 1 1 - 0 -1 1 - - - - -
Variable with four categories Raw a B c d a b [¢ d a c d

Transformed 1 1 1 -3 1 1 0 -2 1 -1 0 0

Results

Test for Differences in Travel Motivation According to Tourists’ Characteristics

There were 151 KOLs for event tourism and 345 for SIT. Because of the age, group size, and traveling costs
per person, standard deviations were relatively large. Thus, I divided the variables into groups to analyze the
relationship between user characteristics and motivation. For instance, the correlation between the raw data
on group size and tourism motivation was .058 (p > .05), but it rose to .131 (p < .01) after the group size
variable was divided into two groups. For a more representative and precise persona segmentation, I
divided age, group size, and traveling costs per person into nominal variables for further analysis. I
computed the descriptive statistics for tourist characteristics in event tourism and SIT in addition to their
correlations with tourism motivation using either a chi-square test or analysis of variance (see Table 2).
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Table 2. Characteristics of Tourists in Event and Special Interest Tourism

Event tourism SIT
n=151 n =345 R
Gender Male 71.5% 60.3% .108*
Age 32.6+11.43 37.32 £9.67 2067
Education level Below undergraduate 28.5% 10.1% 230
Undergraduate 16.6% 16.8%
Bachelor’s degree or above 47.0% 56.5%
Occupation Business owner 36.0% 47.2% 369"
Senior executive 40.4% 49.9%
Student 20.5% 0.6%
Annual income Less than US$0.14 million 27.8% 2.0% 4207
US$0.14-1.43 million 27.2% 32.8%
More than US$1.43 million 31.1% 39.4%
Home area (North or South) North 47.7% 53.0% 490
Marital status Single 21.2% (.540**)
Married 30.5% 36.2%
Divorced 1.3% 1.2%
Children Yes 64.2% 75.1% .145%
Group size 17.5+ 17.54 154 +£15.21 .058
Classed
131
Travel cost per person 2.56 £3.36 1.51£1.43 212

Note. SIT = special interest tourism. Age was measured in years and the unit of the average travel cost per
person was US$10,000.
*p<.05, ** p<.01, ¥ p <.001.

I first explored the correlations between user characteristics and travel motivation. Except for marital
status, the descriptive statistics for the chi-square test on motivation and other user characteristics show
that the expected frequency was above 5, indicating that it was appropriate to use this test. Marital status
was not suitable for the chi-square test because of missing values. Descriptive statistics for marital status
show that differences in motivation existed for the single group, but not for the married and divorced
groups. The characteristics of the single group are reflected in the model with occupation and parental
status variables, meaning that marriage could be deleted from the difference test and logistic regression
model.

According to the chi-square test results, gender was significantly related to tourism motivation (x* = 5.732, p
< .05). Thus, tourism motivation differed by gender with a relatively small correlation coefficient (Cramer’s
V = .108). Further pairwise comparisons show that men were more likely than women were to prefer event
tourism (34.2% vs. 23.9%, p < .05), and women were more likely than men were to prefer SIT (65.8% vs.
76.1%, p < .05).

Age and travel motivation were also correlated with each other (x* = 39.391, p < .001). Age differences
emerged in travel motivation with a moderate correlation coefficient (Cramer’s V = .282). The results of
further pairwise comparisons and adjusted residual errors show that users aged under 23 years (vs. the
other age groups) were more likely to prefer event tourism. The absolute value of the adjusted residual error
was 6.2 > 3, 62.3% (aged under 23 years) versus 24.6% (23—28 years), 29.9% (29—35 years), 24.2% (aged
over 35 years; p < .05). The group aged under 23 years was also less likely to choose SIT. There were no
statistically significant differences between the other three age groups. However, the adjusted standard
residual errors indicate that, relatively, those aged over 35 years preferred SIT (3.5 > 3).
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Educational level and travel motivation were correlated with each other (x* = 22.491, p < .001). Users had
different travel motivations according to educational level, with a moderate correlation coefficient (Cramer’s
V =.230). The results of further pairwise comparison and adjusted residual errors show that users with an
education below the undergraduate level were more likely to choose event tourism than were those with an
undergraduate education or higher educational qualification (55.1% vs. 30.1% and 26.7%, p < .05). There
were no significant differences for travel motivation between undergraduates and those with a bachelor’s
degree or higher level of education. However, the adjusted standard residual errors indicate that users with
a bachelor’s degree or higher level of education (vs. undergraduates) were more likely to choose SIT (3.3 >

3).

Occupation and travel motivation were correlated with each other (x* = 67.677, p < .001). Travel motivation
differed according to occupation, with a moderate correlation coefficient (Cramer’s V = .369). The results of
further pairwise comparisons and adjusted residual errors show that student users were more likely to
choose event tourism than were users with other occupations, 93.9% (students) versus 25.2% (business
owners), 26.2% (senior executives), 33.3% (civil servants and retirees; p < .05). Although there were no
differences between the other three groups, the adjusted standard residual errors indicate that business
owners preferred SIT to event tourism (2.2 > 1.96).

Income was related to travel motivation (x* = 68.070, p < .001). There were motivational differences
between user groups according to income level, with a moderate correlation coefficient (Cramer’s V = .420).
Further pairwise comparisons and adjusted residual errors show that users who earned less than US$0.14
million annually were more likely to choose event tourism than were those who earned more than US$0.14
million, 85.7% (less than US$0.14 million) versus 26.6% (over US$0.14 million but less than US$1.43
million), 25.7% (over US$1.43 million; p < .05). There was no significant difference between the other two
income groups (over US$0.14 million but less than US$1.43 million, and over US$1.43 million). The
adjusted standard residual errors indicate that these two groups were more likely to choose SIT (2.4, 3.2 >
1.96).

Having at least one child was related to travel motivation (*> = 9.067, p < .001). Travel motivation differed
according to whether users had children, with a weak correlation coefficient (Cramer’s V = .145). The results
of further pairwise comparison and adjusted residual errors show that users with (vs. without) children were
more likely to choose SIT (72.8% vs. 55.3%, p < .05), and users without children preferred event tourism to
SIT (44.7% vs. 27.2%, p < .05).

The KOLSs’ group size was related to travel motivation (x* = 8.530, p < .001), with a weak correlation
coefficient (Cramer’s V = .131). The results of further pairwise comparison and adjusted residual errors show
that 72.5% of KOLs in smaller groups and 27.5% in larger groups preferred SIT, whereas 57% in smaller
groups and 43% in larger groups preferred event tourism (p < .05).

The travel cost per person was related to travel motivation (x* = 18.449, p < .001), with a weak correlation
coefficient (Cramer’s V = .193). The results of further pairwise comparison and adjusted residual errors
show that users whose travel expenses were below US$14,286 had different travel motivations from those
whose travel expenses were in the range of US$14,286—28,571, or more than US$28,571 (event tourism
motivation: below US$14,286 group = 30.5%; US$14,286-US$28,571 group = 18.5%; more than US$28,571
group = 49.3%; p < .05). The adjusted standard residual errors indicate that users whose travel expenses
were below US$14,286 did not have an obvious preference between event tourism and SIT, but the other
two groups showed significant differences (-3.0, 3.6 > 3). The results of further pairwise comparison and
adjusted residual errors show that 49.3% of users whose expenses were in the range of US$14,286—28,571
preferred event tourism, whereas 18.5% preferred SIT, and 50.7% of users who spent more than US$28,571
preferred event tourism, whereas 81.5% preferred SIT.
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There was no significant correlation between home area (Southern or Northern China) and travel
motivation.

Relationship Between User Characteristics and Travel Motivation Based on Logistic
Regression Modeling

Event tourism was labeled “1” in my model. The correlational matrix of independent variables was
computed to select the variables for the logistic regression (see Table 3). High correlations between two
independent variables mean that they can replace each other in the equation.

Table 3. Correlation Matrix of the Independent Variables

1 2 3 4 5 6 7 8 9
1. Gender
2. Age .080
3. Level of education .019 2217
4. Occupation .061 338+ 5574
5. Annual income .103 4254 3107 5257
6. Home area .096 .063 .027 .059 .008
7. Marital status .032 541+ 5414 686 786" .061
8. Parental status .004 264+ 266" 383 365 .084 585
9.  Group size .003 .087 .044 .065 .108 .074 127 .005
10. Average cost of tourism .046 .108 .089 123 169 .053 2427 119* 256

Note. * p < .05, *** p < .001.

In Model 1 I selected all independent variables to explore which ones influenced user motivation. The
results show that the model fit was good (x* = 82.247, p < .001); these factors influenced the choice of type
of travel motivation. As the Hosmer—Lemeshow goodness-of-fit test result shows that x* was 3.687 (p >
.05), the data information was fully extracted. The prediction accuracy of the model was 75.70% (R” = .245).
The Wald test result shows that the effects of gender, annual income, group size, and average cost of tourism
on event tourism were significant after all variables, except marital status, had been introduced into the
regression. Men with a low income, traveling in large groups, and with a higher budget were twice as likely
as women with a high income, traveling in small groups, and with a lower budget to choose event tourism.
Women with an income above US$0.14 million, traveling in small groups, and with a medium budget were
more likely to choose SIT.
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Table 4. Results of Model 1

Step 1 B SE p 95% CI
Gender V1 408 0.163 .012 [1.093, 2.070]
Age group V1 -.387 0.361 284 [0.334, 1.378]
Age group V2 477 0.486 .326 [0.621, 4.180]
Age group V3 =271 0.200 177 [0.515, 1.130]
Level of education V1 -.052 0.173 763 [0.676, 1.333]
Level of education V2 -.098 0.207 .637 [0.604, 1.361]
Occupation V1 -.931 0.661 159 [0.108, 1.442]
Occupation V2 489 0.837 .559 [0.316, 8.417]
Occupation V3 -.046 0.180 .800 [0.672, 1.359]
Annual income V1 -.639 0.214 .003 [0.347, 0.803]
Annual income V2 -.063 0.156 .687 [0.691, 1.275]
Group size V1 577 0.189 .002 [1.230, 2.578]
Average cost of tourism V1 .199 0.107 .063 [0.989, 1.504]
Average cost of tourism V2 .637 0.231 .006 [1.202, 2.957]
Constant .612 0.397 123

Note. V1 = Vector 1, V2 = Vector 2, V3 = Vector 3, CI = confidence interval.

To obtain a simplified and interpretable model, I formulated several models based on the correlation matrix
and difference test. I therefore proposed Models 2, 3, and 4 (see below). The annual income variable in
Model 2 was removed, and age, occupation, and educational level were included because annual income was
highly correlated with all of these variables. The parental status and home area variables showed no
significant differences and were removed. In Model 2 the x> was 102.307 (p < .001), indicating that these
factors influenced the type of travel motivation. The Hosmer—Lemeshow test result shows that x* was 3.144
(p > .05). The data information was, thus, fully extracted. The prediction accuracy was 74.90% (R* = .297).
The Wald test result shows that the effects of age, gender, group size, and average cost of tourism per person
on event tourism were significant. The preference for event tourism was higher for men, especially those
aged 29 to 35 years, traveling with a larger group, and with a budget per person that exceeded US$28,571.

Table 5. Results of Model 2

Step 1 B SE p 95% CI
Gender V1 343 0.132 .009 [1.089, 1.823]
Age group V1 -.300 0.285 292 [0.423, 1.295]
Age group V2 204 0.381 592 [0.581, 2.589]
Age group V3 -.355 0.161 .027 [0.512, 0.961]
Level of education V1 .007 0.135 957 [0.774, 1.312]
Level of education V2 -.078 0.166 .638 [0.668, 1.281]
Occupation V1 -.677 0.547 216 [0.174, 1.485]
Occupation V2 =222 0.697 750 [0.204, 3.141]
Occupation V3 .037 0.145 798 [0.781, 1.380]
Group size V1 572 0.153 .001 [1.314, 2.391]
Average cost of tourism V1 219 0.086 011 [1.051, 1.473]
Average cost of tourism V2 127 0.195 .001 [1.413, 3.032]
Constant 579 0.313 .064

Note. V1 = Vector 1, V2 = Vector 2, V3 = Vector 3, CI = confidence interval.
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Table 6. Results of Model 3

Step 1 B SE p 95% CI
Gender V1 332 0.126 .009 [1.088, 1.786]
Age group V1 -.404 0.273 138 [0.391, 1.139]
Age group V2 .070 0.370 .850 [0.520, 2.212]
Age group V3 -.344 0.161 .033 [0.517, 0.973]
Level of education V1 -.278 0.101 .006 [0.622, 0.923]
Level of education V2 -.119 0.149 423 [0.663, 1.188]
Group size V1 582 0.149 .001 [1.336, 2.398]
Average cost of tourism V1 182 0.084 .031 [1.017, 1.415]
Average cost of tourism V2 7156 0.196 .001 [1.452, 3.126]
Constant .082 0.210 .699

Note. V1 = Vector 1, V2 = Vector 2, V3 = Vector 3, CI = confidence interval.

In Model 3 I removed the occupation variable because the Model 2 results show it was related to age and
educational level. The model fit results show that x* was 80.738 (p < .001). These factors influenced the type
of travel motivation. As the Hosmer—Lemeshow test result shows that x* was 7.119 (p > .05), the data
information was fully extracted. The prediction accuracy was 74.90% (R> = .240). The Wald test result
shows that the effects of age, gender, educational level, group size, and travel cost per person on event
tourism were significant. The preference for event tourism was higher for men aged 35 years and over, with
an educational level below undergraduate, traveling with a larger group, and with a high travel budget per
person that was above US$28,571.

I removed annual income and included occupation in Model 4, on the basis of the Model 1 results. Parental
status and home area were also removed because they showed no significant differences in the choice of
event tourism. The results for the model fit show that x* was 101.458 (p < .001). These factors influenced the
type of travel motivation. As the Hosmer—Lemeshow test result shows that x* was 6.082 (p > .05), the data
information was fully extracted. The prediction accuracy was 74.60% (R* = .261). The Wald test result shows
that gender, group size, and travel cost per person had significant effects on the choice of event tourism, but
occupation did not. Model 4 did not improve upon Model 1 because the annual income variable, which
comprises data that are private and difficult to collect, was removed in Model 4. In comparison with Model 1
with all the variables, Model 4 was more concise, but the prediction accuracy did not improve, and the
occupational variable was nonsignificant. The preference for event tourism was higher for men, users
traveling with a larger group, and those with a travel cost per person that was above US$28,571.

Table 7. Results of Model 4

Step 1 B SE p 95% CI

Gender V1 .293 0.120 .014 [1.060, 1.694]
Group size V1 -.695 0.525 .186 [0.178, 1.398]
Average cost of tourism V1 -.408 0.664 539 [0.181, 2.442]
Average cost of tourism V2 -.003 0.113 980 [0.800, 1.243]
Constant 475 0.137 .001 [1.228, 2.104]

Note. V1 = Vector 1, V2 = Vector 2, CI = confidence interval.
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By comparing the R* values and considering predictive accuracy, parsimony, and theoretical feasibility,
Model 2 is the most appropriate for the tourism services sector. Model 3 does not contain personal privacy
information, such as occupation; thus, it is more suitable for conducting long-term tourism customer
management. However, more targeted services can be provided by Model 2, by considering the user’s
occupation.

Description of Subgroups for Event and Special Interest Tourism

To balance precision and accuracy, I chose Model 2, which extends Model 1, for persona segmentation. The
final persona segmentation, based on Models 1 and 2 and company information, therefore describes three
subgroups of high-end tourists:

a) KOL event-driven, midlevel male manager, with a moderate income of more than US$0.14 million; aged
over 35 years; representing a group of more than 20 people in booking event-based travel; and with a travel
cost per person of more than US$28,571. This KOL may work in a large company and be responsible for
arranging business travel.

b) KOL SIT-driven, high-income woman: income of more than US$0.14 million; aged 29-35 years;
representing a small group of fewer than 20 people; booking SIT and accepting a cost per person of less than
US$14,286. This KOL may be an executive in a large company who travels to learn about history and
culture, relax, and enjoy hobbies with friends/family.

¢) KOL event/SIT-driven: This may be a student booking educational event-based travel or cultural, special
interest-based travel. These KOLs may be women with one or more children.

Discussion

I introduced a method for persona segmentation in the tourism industry and found that a KOL’s annual
income may be related to travel motivation in high-end tourism groups, and the weight of income may be
greater than that of age and gender. Although a user’s income is private information, occupational
information can provide an indication of the individual’s income level. Further, in contrast to the researcher-
constructed data used in traditional qualitative and quantitative methods of persona segmentation, I used
real-world objective data for logistic regression. The results are easily communicated to stakeholders,
designers, and marketers of tourism products and services.

Differences in Tourist Characteristics for Event and Special Interest Tourism

I found statistically significant differences according to gender, age, educational level, occupation, annual
income, parental status, group size, and average tourism cost per person regarding preference for event
tourism and SIT. Of these variables, age, occupation, and annual income showed the largest differences
regarding preference for type of tourism. The factors relate to the notion of persona in tourism, that is,
gender, age, and income were the same as those identified in a study on event tourism based on a qualitative
method (Halpenny, 2008) and in a study on SIT based on a quantitative method (Sheng et al., 2008).
However, these previous researchers focused less on general tourism motivation than on specific
preferences, such as types of interest tourism, parent—child travel, and sport event tourism. Park et al.
(2010) examined general personas in tourism but did not consider user needs and their relationship with
demographic characteristics. I used a more general framework in which I integrated tourist needs. I found
that men were more likely to choose event tourism and women were more likely to choose SIT. Single (vs.
married) users and those with less than an undergraduate level of education (vs. those with a higher level of
education) were also more likely to choose event tourism. Event tourism (vs. SIT) was more likely to be
undertaken by a larger group. Students were also more likely to choose event tourism than they were to
choose SIT. Users with a lower (vs. higher) income were more likely to choose event tourism.

The logistic regression results also indicate that gender, age, income, group size, and travel cost per person
together could quite possibly predict the likelihood of a user choosing event tourism over SIT. A male KOL,
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aged over 35 years, in a larger group, and with a higher travel cost per person would be more likely to choose
event tourism over SIT. I have described two typical subgroups in the Results section: a KOL who is an event-
driven, male, middle manager and a KOL who is an SIT-driven woman with a high income. These findings
are consistent with those of previous studies in which the relationship between event tourism and career
path has been emphasized (see, e.g., Getz & Page, 2016b). These results indicate that the average travel cost
of event tourism would be more than that of SIT. Group size and age were a second predictable factor. The
results show that a KOL may be a male middle manager. A female KOL aged 29—35 years, with a small
group size and medium travel cost per person, would likely choose SIT. This may be because it involves
relaxation travel and parent—child travel (Liu et al., 2018).

The effect of education level that I found is different from Sheng et al.'s (2008) findings related to SIT in
their study conducted using a quantitative method. This can be attributed to the motivation range because,
whereas Sheng et al. considered only SIT, I considered a broad motivation framework.

Advantages of Persona Segmentation Based on the Logistic Regression Model

Like other quantitative methods, such as factor analysis (McGinn & Kotamraju, 2008), cluster analysis (Tu,
Dong, et al., 2010), and correspondence analysis (Laporte et al., 2012), the logistic regression model can
handle a large sample of users (using machine learning with logistic regression) and select a representative
user, because the statistical relationships between multiple user characteristics and motivation can be
managed simultaneously. This means that not only are categories constructed, but predictions are also
developed. Therefore, precision and accuracy can be balanced during persona segmentation with the
method that I used.

Because the data collection is not based on surveys, interviews, or other material gathered by professionals,
it is less costly and time-consuming than traditional methods. Besides its ease of application, the logistic
regression model for persona segmentation is replicable and has good ecological validity because real-world
objective data are used, based on established statistical relationships and a simplified model that is essential
for business innovation. The model variables are determined based on the literature and on objective real
characteristics, as well as the quantitative motivation category. This setup makes the model more reliable
than traditional methods.

The companies collecting data in this study were online travel companies providing mid- and high-end
travel services. However, a limitation in this study is that the sample data did not include the white collar
occupation, which is also one of the main branches of middle- and high-end tourism services. Future
researchers could include data from this group to improve the model. In addition, as I investigated only one
trip per KOL, future researchers could investigate multiple trips per KOL.

In summary, compared with traditional methods, logistic regression is a more robust method of persona
segmentation compared to statistical difference tests because it can provide more specific persona
information on user characteristics.

Conclusion

The two main contributions of this study are as follows: First, logistic regression can be effectively used as
an integrated method for persona segmentation that balances precision and accuracy because it includes the
relationship between user characteristics and needs. This relationship cannot be established by traditional
methods. Moreover, the logistic regression framework provides results that are replicable and have good
ecological validity owing to the use of objective real data. Second, I have proposed three subgroups for
persona segmentation based on logistic regression models and, with the aid of these subgroups, provided a
thorough characterization of the most common tourist profiles in the Chinese travel market.
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Online travel companies can offer different travel planning schemes to existing or potential customers,
according to different types of travel motivation that correspond to customer persona characteristics. In this
way, companies can more accurately recommend and tailor customers’ personalized travel plans according
to their needs. This should not only improve user experience and user stickiness, but also increase
customers’ buying behavior, which is a win—win situation for both customers and online travel companies.
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